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Abstract: Scientific construction schedule management is of great significance to ensure the timely
delivery of the project. Traditional schedule management relies on time-consuming and inefficient manual
recording methods. To improve the efficiency of construction schedule management, the current research
is devoted to exploring the application potential of intelligent technology in schedule identification tasks.
This study aims at the construction scene, establishes the research framework of intelligent technology-
construction scene-schedule identification process, and deeply analyzes the core working mechanism and
key implementation path of intelligent technology in the intelligent identification of multi-source scene
schedule from the perspective of data perception-feature analysis-schedule identification-information
modeling. Meanwhile, the future research directions are summarized from the aspects of multi-source data
fusion, vertical domain large model construction, and generative artificial intelligence, which provide
theoretical and practical reference for intelligent control and unmanned supervision of construction
progress.
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Fig.1 Research framework
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Fig.2 Intelligent technologies for progress recognition
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Fig.3 Typical scenarios of building construction
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